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Figure 2: Left: During a mid-scale training run, attention logits rapidly exceed 1000, which could lead to potential
numerical instabilities and even training divergence. Right: Maximum logits for Kimi K2 with MuonClip and 7 = 100
over the entire training run. The max logits rapidly increase to the capped value of 100, and only decay to a stable range
after approximately 30% of the training steps, demonstrating the effective regulation effect of QK-Clip.
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Figure 3: Per-step training loss curve of Kimi K2, without smoothing or sub-sampling. It shows no spikes throughout
the entire training process. Note that we omit the very beginning of training for clarity.
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Table 1: SimpleQA Accuracy under three rephrasing-epoch configurations

# Rephrasings  # Epochs  SimpleQA Accuracy

0 (raw wiki-text) 10 23.76
1 10 27.39
10 1 28.94

& FFR: IR, MENSEERMETLE (BRR) EFRESENMEERT.
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