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python src/gpt2 decode.py \
--vocab ./vocab \
--sample file ./trained models/GPT2 M/e2e/predict.5258.s200.jsonl \
--input_file ./data/e2e/test formatted.jsonl \
--output_ref file ./trained models/GPT2 M/e2e/e2e ref.txt \
--output_pred file ./trained models/GPT2_ M/e2e/e2e_ pred.txt

FREES -+ [E % README.md gpt2_decode.py = eZe_ref.itxt X

/ LORA [SSH: CONNECT.CQA1.SEETACLOUD.COM] examples > NLG > trained_models > GPT2_M > e2e > = e2e_ref.ixt
v vscode A coffee shop in the city centre area called Blue Spice .
{} launch.json 2 Blue Spice is a coffee shop in city centre
v examples
v NLG 4  There is a coffee shop Blue Spice in the riverside area .
> .ipynb_checkpoints At the riverside , there is a coffee shop called The Blue Spice .
data
> eval /  The coffee shop Blue Spice is based near Crowne Plaza Hotel and has a high customer rating of 5 out of 5 .
» HEES 5 The Blue Spice coffee shop , near Crowne Plaza Hotel , has a customer rating of 5 out of 5 .

pisianecicheckeonts If you want a coffee shop rated 5 out of 5 pick Blue Spice . It is located near Crowne Plaza Hotel

src
trained_models/GPT2_M/e2e

=@ Tt Burger King is near the coffee shop Blue Spice which has an average customer rating .
= eZe_pred.ixi

The Blue Spice coffee shop near Burger King has good customer ratings with excellent food and service , with a

D RV Y SV

= e2e_ref.txt

S model.1000.pt x + @ Python Debug C
S model.2000.pt
(lora) root@autodl-container-908a4c8ded-603ea788:~/autodl-tmp/project/LoRA/examples/NLG# python src/gpt2_decode.py \
S model.3000.pt > —-vocab ./vocab \
> model.4000.pt > —-sample_file ./trained_models/GPT2_M/e2e/predict.5258.5200.jsonl \
> ——input_file ./data/e2e/test_formatted.jsonl \
» model.5000.pt > —-output_ref_file ./trained_models/GPT2_M/e2e/e2e_ref.txt \
model.5258.pt = ——output_pred_file ./trained_models/GPT2_M/e2e/e2e_pred.txt
Unique refer dict 630
predict.5258.s200.jsonl (lora) root@autodl-container-908a4c8ded-603ea788:~/autod-tmp/project/LoRA/examples/NLG# []

$745: FEE2EMNKE LTI

python eval/e2e/measure_scores.py ./trained models/GPT2 M/e2e/e2e ref.txt
./trained models/GPT2 M/e2e/e2e pred.txt -p

RinicF
T EEMNGLE, WdError, ITFE:

Traceback (most recent call last):
File "/root/autod1-tmp/project/LoRA/examples/NLG/eval/e2e/measure_scores.py", line 380, in <module>
evaluate(data_src, data_ref, data_sys, args.table, args.header, args.sys_file, args.python)
File "/root/autod1-tmp/project/LoRA/examples/NLG/eval/e2e/measure_scores.py", line 234, in evaluate
coco_eval = run_coco_eval(data_ref, data_sys)
File "/root/autodl-tmp/project/LoRA/examples/NLG/eval/e2e/measure_scores.py", line 323, in run_coco_eval
coco_eval.evaluate()
File "/root/autodl-tmp/project/LoRA/examples/NLG/eval/e2e/pycocoevalcap/eval.py", line 36, in evaluate
gts = tokenizer.tokenize(gts)
File "/root/autodl-tmp/project/LoRA/examples/NLG/eval/e2e/pycocoevalcap/tokenizer/ptbtokenizer.py", line 54, in tokenize
p_tokenizer = subprocess.Popen(cmd, cwd=path_to_jar_dirname, \
File "/root/miniconda3/envs/lora/lib/python3.10/subprocess.py", line 971, in __init__
self._execute_child(args, executable, preexec_fn, close_fds,
File "/root/miniconda3/envs/lora/lib/python3.10/subprocess.py", line 1863, in _execute_child
raise child_exception_type(errno_num, err_msg, err_filename)
FileNotFoundError: [Errno 2] No such file or directory: 'java'
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sudo apt update
sudo apt install default-jre

fBRErrorfg, BIRIETHS, WMEWT:

(lora) root@autodl-container-908a4c8ded-603ea788:~/autodl-tmp/project/LoRA/examples/NLG#
(lora) root@autodl-container-908a4c8ded-603ea788:~/autodl-tmp/project/LoRA/examples/NLG# python eval/e2
e/measure_scores.py ./trained_models/GPT2_M/e2e/e2e_ref.txt ./trained_models/GPT2_M/e2e/e2e_pred.txt -p
Running MS-COCO evaluator...

creating index...

index created!

Loading and preparing results...

DONE (t=0.00s)

creating index...

index created!

tokenization...

PTBTokenizer tokenized 132573 tokens at 506481.96 tokens per second.

PTBTokenizer tokenized 1141 tokens at 13036.07 tokens per second.

setting up scorers...

computing METEOR score...

METEOR: 0.017

computing Rouge score...

ROUGE_L: 0.031

computing CIDEr score...

CIDEr: 0.133

Running Py-MTEval metrics...

SCORES:

BLEU: 5.4198
NIST: 0.0000
METEOR: 0.0165
ROUGE_L: 0.0312
CIDEr: 0.1326

fERE X

1. BLEU

BaX:

BLEU(Bilingual Evaluation Understudy) @ —# B FITHaE8EN B A E S £ R ENEREEIR. EBTITEE
BHIXAS $Z XA 7 8 n-gram [LEEERIMGER X EAHNRE.

HES:
o HTBEAMNXANZSENAR n-gram KIFEHRILTE L.
o ITEAR[E n-gram (BER 1-gram Zl 4-gram) BN LEIFLME,
o BAKEETT, ENERNXAKESSEXAKET—RIER.
L5t
BLEU = BP - exp (Z lwnlogpn)
Hrh:
e BP BKEEST (Brevity Penalty) .
o w, & n-gram NE (BEHENE) .
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o p, BEMNXAEMSENARLIE n-gram BIASHHICECLES],

2. NIST

ax:
NIST(NIST Machine Translation Evaluation) & BLEU B9ZE#, BERNYERE n-gram BIFEHRILED, HEEITE n-gram
HIEEE (BIFER n-gram WILESEIHESHNED) .
iHERE:
o ITEAMNXANSE AR n-gram AIFEFRHITECET,
o ITESILE n-gram WIEEE,
o FEEKEETIL

NG
5 BLEU 21, {BX} n-gram LECARIANEETT 7 INAXALIE, SBIFAZFEN n-gram BYITES,

3. METEOR

&

METEOR B ZRiFHE MK, A ALEAARFRSEN XA RE.
HEAE:

o IHTHEAEMXANSENARZBER unigram EHHILE,
o ITEIRRRMN. RSGITEHITEL,
o FERIEFETIIL
A
METEOR = Fiean - (1 — Pen)
He:
® Fiean EfEHHEMEERIPAFY,

e Pen 2lEAFEI,

4. ROUGE L

as:
ROUGE_L EFRKARTET (LCS) SOMEEMIANESE, BBERIFTESDES 552 XAMIRFT
.

HEGE:
o TEEMXANSEXNAZ BRNRKRAHLTFI,
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o ALRBWEMNBLOE,
AR

_ (1+%)-Precision-Recall
ROUGE = Precision+/3%-Recall

Hep:
o #EHAE (Precision) F1B[EIZX (Recall) EF LCS itHE.,
o [ RIBHRENZEZRMNNERI,

5. CIDEr

aX:
CIDEr (Consensus-based Image Description Evaluation) ZFZRFEGEARERES, B HHERNEASSEXAK
AHIRE RIS X AR E .

A
o HEAERXATSE AL TF-IDF HIAX n-gram 4AIUE,
o BEBIBEXANHINE,

AR

CIDEr = L Y7, Zea OB

Heh:

o mESEXFUE,

e CIDEr, (i) 2% i MSZXANE n-gram BHNE,
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