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Figure 1: Performance comparison on the AppWorld and BFCL-v3 benchmarks. AgentEvolver
achieves superior results while using substantially fewer parameters than larger baseline models.
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Figure 2: Overview of the AgentEvolver framework. The self-evolving process is driven by three syner-
gistic mechanisms: Self-questioning for autonomous task generation, Self-navigating for experience-
guided exploration, and Self-attributing for fine-grained credit assignment.
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