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Figure 3: Experiments on the impact of
context length on model performance.
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Table 1: Main Results. The best performance are marked in bold. SlideVQA and ViDoSeek mainly
focus on reasoning type, while MMLongBench focuses on the visual type of reference content.
OCR-based (®) RAG and purely visual (®) RAG are evaluated with the same prompt and setting.

SLIDEVQA VIDOSEEK MMLONGBENCH

METHOD Single-hop Multi-hop | Extraction Logic | Text Table Chart Figure Layout OVERALL
Quwen2.5-VL-3B-Instruct
® Vanilla RAG 15.1 12.1 8.8 14.3 3.9 5.1 17 3.1 25 11.2
@ ReAct 11.8 9.9 5.3 74 6.5 37 3.9 5.2 25 84
@ Search-R1 17.5 13.8 13.3 207 | 34 3.2 4.5 41 6.8 14.1
@ Vanilla RAG 19.4 12.2 10.1 17.3 2.2 41 5.2 47 4.3 13.2
@ ReAct 15.7 10.9 6.7 14.2 2.7 3.6 3.4 31 5.1 10.9
@ Search-R1-VL 26.3 20.1 20.1 29.8 85 7.8 7.9 9.3 7.6 21.3
@®VRAG-RL | 653 386 | 631 738 | 227 161 219 214 195 | 535
Quwen2.5-VL-7B-Instruct
® Vanilla RAG 26.1 10.6 247 30.9 85 54 11.7 44 3.3 209
@ ReAct 212 13.3 14.3 213 5.9 5.1 7.3 5.5 17 15.8
@ Search-R1 28.4 19.7 20.8 30.6 9.9 6.0 7.9 10.1 5.9 222
@ Vanilla RAG 29.1 17.4 264 413 | 131 147 15.9 4.3 7.6 242
@ ReAct 34.8 204 275 41 | 101 124 10.2 6.2 7.1 269
@ Search-R1-VL 48.3 423 40.5 503 | 199 134 12.9 11.4 10.2 374
@®VRAG-RL | 693 431 | 606 748 | 261 263 248 259 212 | 571

o MERVHRIMIR: BEER—BROLR (MRERMENIE. RAGITERR)) FHURERETRE (AR2Mh
), XL AERMIER T ERINAXBAE T RERENLERIT, MIEEMERRE.

Table 2: Ablation study on three benchmarks.

REWARD ACTION SPACE Accura
Vanilla RAG-Specific | Search Visual-Perception Y
v/ v/ 47.2
v v/ v/ 49.3
v v/ 54.9
v 4 v/ 57.1
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Table 3: Average Finish Rate (%) and
Average Invalid Action Rate (%).

Method | Invalid Action Rate |  Finish Rate 1

SFT 9.4 84.2
+ RL 5.1 97.1
EENMNNEREERELD, tMNERES FZETFRENARREIEGENS 5 ESEBEXTTRIRLE S REHLE

BEE, NERERNSESRAGHEBIRM T —TEAMERNBRL R,
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